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* LLMs can process and produce various forms of sequential data,
including assembly language, protein sequences and chess games,
extending beyond natural language applications alone.
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Exam results (ordered by GPT 3.5 performance)

GPT4
Estimated parcentile lower bound (among test takers) GPT 4 (no vision)
100% =

60% —

20% =

Figure 1: To get a sense of how quickly model capabilities are progressing — consider the jump in exam
performance between GPT-3.5 and GPT-4 (OpenAl,[2023b)).
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Figure 3: Exposure intensity across the economy, dlspla}ed on the left in terms of percent of affected
occupatmns and on the right as percent of affected workers. The distribution of exposure is similar across
occupations and across workers, suggesting that worker concentration in occupations is not highly correlated
with occupational exposure to GPTs or GPT-powered software. We do however expect that it could be more
highly correlated with investment in developing GPT-powered software for particular domains.
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(std err) (std err) (std err)

All skill importance scores are normalized to be between 0 and 1.

Constant 0.082%%= 0.1 12%%% 0.300%
__‘ ) B 32 (0.011) (0.011) (0.057)
; ( 1 ,T{ / X Active Listening 0,128+ 0.214%++ 0,449+
(0.047) (0.043) (0.027)
| Mathematics 20,127 0.161%%* 0787
( 7~ 0) *E F*ﬁ (0.026) (0.021) (0.049)
Reading Comprehension  (0.153%%* 0.470++* -0.346%*
(0.041) (0.037) (0.017)
=i % % R -0. 1145 0,230 0,346
— (0.014) (0.012) (0.017)
aJL E ; \

Speaking 0.028 ORRRES 0.204%++

\ \ '
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Writing 0.368%%* 0.467++* 0.566%%%
\\7_ W _‘ (0.042) (0.037) (0.047)
; d\ <‘ O) z r Active Learning -0, 157#%* -0.065%* 0.028
(0.027) (0.024) (0.032)

) b ( 1 < E/ gE_z Critical Thinking -0 26455 -0. 196%#* -0.129%#
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ww3 Learning Strategies 0.072% 0.209%+ 0346+

~Z 0.028) (0.025) (0.034)

Monitoring -0.067%* -0, 1409 -(0.232% %%
(0.023) 0.020) (0.026)

Programming 0.637%** (.623%#% 0.6009%*=*
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Table 5: Regression of occupation-level, human-annotated exposure to GPTs on skill importance for each

skill in the O*NET Basic skills category, plus the programming skill. Descriptions of the skills may be found
in Annendix Rl
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