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Attention Is All You Need

(shifted right)
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https://arxiv.org/abs/1706.03762
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Causal Language Model
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Language Models are Few-Shot Learners
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Language Models are Few-Shot Learners



GPT-3ICRLHF (Reinforcement Learning from

Human Feedback) U7z55:

1. AFT.CARPYER
XA Uy =AY AL}l
={FY . FEMmd L) F
= U72,

2. BHOREENE T
SET EFXLETS
VO DFEDT—Y
T HRMETIVZEE
U7z,

3. TDFREET IV T,
REEEGRY—
ETIVEERK. #REM
ERJY—ZEHEIC
ELTT—h,

Step i

Collect demonstration data,
and train a supervised policy.

A prompt is
sampled from our

Explain the moon

prompt dataset landing to a & year old

A labeler

dermonstrates the @
desired output
) &
penaviar. Some people went
to the maan...
This data is used SFT
~ Fire o (2 [ g )
ta fine-tune GPT-3 e ny
. . L
with supervised ‘I;af,ec;?
garning. Z
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Step 2

Collect comparison data,
and train a reward model.

A prompt and
several model s

Expl the moarn
outputs are anding to & & year old
sampled. o o

-------

A labeler ranks

the outputs from @
best to worst
0-0

o 0
This data is used RM
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Step 3

Optimize a policy against
the reward model using
reinforcement learning.

A new prompt

s sampled from ™
Write a story
the gataset. anout rags
The policy =
generates S
an output. w
p time
The reward modael "
calculates a ...
df .‘f/?.%.
reward for
g
the output.
The reward is
r,
used to update k
the policy
using PPO.

Training language models to follow instructions with human feedback
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https://qiita.com/omiita/items/c355bc4c26eca2817324
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https://www.youtube.com/watch?v=rrZ9TEPNBCk&t=16s
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